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Traditional analysis method
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‘Machine Iearnln methods
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“* Booested Decision Trees
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EAS._:axis gleterminat'ioh In HISCORE
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EAS,axis g;leterminatiorﬁ in HISCORE
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HiISCORE. Spectrum reconstruction

b g S _
ra'T\S?J‘s 2hcomparison of

the en gscirel of J\/lor e Carlo
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MC spectrum -2.83+/-0.11  1.628
CNN spectrum -2.55+/-0.14  2.619
CNN (>90TsB) -3.34+/-0.17 1.250

MAGIC spectrum -2.47 +/-0.01 1.818

MAGIC spectrum was taking from

J, Aleksi¢, S. Ansoldi et al., 2015
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IACT. Classification of primary particles
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IACT. Glassification of primary particles
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CIaSS|f|cat|on of prlmary particles
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|ACT. Reconstruction of gamma ray
. energy spectra in mono mode
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Respnstruction

IACT. Reco-nst_ruction of gamma ray
energy spectra
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.Gamma ray energy spectra.
DLys. Hillas parameters_
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> Deeplearning method: A custom two-channel
CNN (Stereo2).was chosen.
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IACT event modelllng (C)GAN
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IACT event modélling._ c)VAE
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_ IACT event modélling. (c)VAE
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. Conclusion

F hjﬁ;; : ' ;
eLif]e qr o)f clapsify iying events, deep learning gives a very good result.
Due 10MESUIOIIEESIIPIESS] on of proton events, neural networks can be

=)

S
an |m or <\l tool for aver) h;,e eC |on

In th fro.olem of regt JrJf g Ne nergy spectrum a good result is
achieVEUNIRHENESE or SUET| erae G -e»-.n ationss=In this mode, neural
netwoeRIEE goorl i Le'm izl [t [T Imy) _tﬁods based on Hillas

—

paramgEiEie)

Very JOBENINOSPE ct or ethods based o
simulation as an alternative to Monte Carlo simUlaUENINES
make it possible to speed up the process of modeling'goe rl%
with correct statistics by hundreds and thousands of times.

wEnEEulenetworks for event
methods
ity-events
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